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Abstract 

We argue that the development and expansion of direct, secure access to administrative micro-data should 
be a top priority for the NSF.  Administrative data offer much larger sample sizes and have far fewer 
problems with attrition, non-response, and measurement error than traditional survey data sources.  
Administrative data are therefore critical for cutting-edge empirical research, and particularly for credible 
public policy evaluation. Although a number of agencies have successful programs to provide access to 
administrative data – most notably the Centers for Medicare and Medicaid Services – the United States 
generally lags far behind other countries in making data available to researchers.  We discuss the value of 
administrative data using examples from recent research in the United States and abroad.  We then outline 
a plan to develop incentives for agencies to broaden data access for scientific research based on 
competition, transparency, and rewards for producing socially valuable scientific output. 
 
 
A Wealth of Administrative Data 
Governments create comprehensive micro-economic files to aid in the administration of their tax and 
benefit programs.  The Social Security Administration (SSA), for example, records annual data on 
earnings and retirement and disability benefit payments for virtually the entire US population. State 
agencies collect quarterly earnings reports from firms on behalf of the Department of Labor for nearly all 
paid workers in the private sector. The Internal Revenue Service and the various state income tax 
administrations compile income data for all individuals and businesses.  The Medicare and Medicaid 
programs record information on the health care services received by their beneficiaries.  School districts 
record detailed information on academic outcomes, classes and teachers for all public school students.  
Counties record every real estate transaction.  A rich archive of information covering most aspects of 
socio-economic behavior from birth to death, including education, earnings, income, workplace and living 
place, family composition, health and retirement, is recorded in administrative data. 
 
With the advent of modern computer systems, all these administrative data are stored in electronic files 
that can be used for statistical analysis. Indeed, government agencies are required to produce statistical 
reports that inform the public about their activities, and hence have already established statistical offices 
and set up the necessary files to produce such information.  Each year, information for virtually every 
person in the country is used multiple times in the production of official US statistics, while maintaining 
the strictest standards of privacy. 
 
Eroding US Leadership 
Traditionally, empirical research in social sciences has relied on survey data sources such as the decennial 
Census, the Current Population Survey (CPS), the Panel Study of Income Dynamics (PSID), and the 
Survey of Income and Program Participation (SIPP).  In the post-war period the US led the way in the 
development of modern survey methods, and not coincidentally, in the development of statistical 

                                                           
 This paper was written for the National Science Foundation 10-069 call for white papers on "Future Research in 
the Social, Behavioral & Economic Sciences." We thank Nick Greenia, Alan Krueger, Julia Lane, Nancy Lutz, Alex 
Mas, Dan Newlon, Matthew Shapiro, and Joel Slemrod for helpful comments and suggestions. A shorter and less 
documented version of this paper is posted on the NSF website. 
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Dados para estudar famílias
Lista não necessariamente exaustiva

Inquéritos Inquérito às Condições de Vida e Rendimento (anual,
longitudinal 4 anos, país), Inquérito às Despesas das
Famílias (quinquenal, cross-sectional, NUTS II),
Inquérito ao Património e Endividamento das.
Famílias (quinquenal, cross-sectional)

Administrativos Bons exemplos nas áreas da saúde
(internamentos, abortos, prescrições), educação
(inscrições, exames, só ensino secundário!),
demográficas (nascimentos, óbitos)

Desafio: não estão ligadas a bases de dados de
rendimento!
em Portugal hoje em dia não temos um painel
de famílias que nos permita fazer uma análise
longitudinal a mais de 4 anos!
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Diferentes margens comportamentais de resposta aos
impostos

decisões de trabalho ou investimento (margem real)
evasão fiscal
tax shifting entre bases fiscais ou anos fiscais

entre IRC e IRS nos trabalhadores por conta própria
manipulação inter-temporal da base fiscal (lucros retidos,
investimento)

mobilidade internacional
otimização fiscal de empresas (criar veículos para sediar
artificialmente algumas atividades)
otimização fiscal de indivíduos (por exemplo filantropia)
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Abordagem tradicional à análise de política fiscal

estimar elasticidade compensada da oferta de trabalho
dados de inquéritos: horas de trabalho e salários horário
erros de medida (self-reported!)
não se observam restantes margens
consenso alargado de elasticidade próxima de zero para
homens (enquanto principais income earners das famílias) e
elasticidade mais elevada para mulheres casadas
alguma evidência de importância da margem extensiva para
explicar elasticidade elevada das mulheres
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Micro-dados fiscais
com micro-dados fiscais podemos ter uma ideia de (quase)
todas as margens comportamentais
como a margem “oferta de trabalho” parece pouco
importante, a abordagem tradicional subestima a carga
excedente (deadweight loss) dos impostos
nos EUA há vários tipos de dados disponíveis

amostras aleatórias estratificadas de cerca de 250 000
declarações de impostos, com 100% das declarações dos
rendimentos mais elevados
permite análise longitudinal de 5% dos contribuintes
(Continuous Work History Sample)
outra base de dados para estudos longitudinais: family panel –
amostra de 88000 famílias de 1987, seguidas, incluindo
descendentes, até 1996; substituído por novo painel que
começa em 1999
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Micro-dados fiscais
possibilidade de ligar dados de várias bases de dados
possibilidade de pedidos de amostras à medida: por exemplo
“Our analysis sample includes individuals who meet all three
of the following conditions simultaneously in at least one year
between 1996 and 2009: (1) file a tax return as a primary or
secondary filer (in the case of married joint filers), (2) have
total earnings below $50,000 (in 2010 dollars), and (3) claim
at least one child. (...) The core sample contains 77.6 million
unique individuals and 1.09 billion person-year observations on
earnings”
Chetty, Raj, John N. Friedman, and Emmanuel Saez. 2013.
“Using Differences in Knowledge across Neighborhoods to
Uncover the Impacts of the EITC on Earnings.” American
Economic Review, 103 (7): 2683-2721.
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Vantagem de ter informação fina sobre diferentes tipos de
rendimento I 3
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B. Two Children or More

 
Figure 3. Earnings Density Distributions and the EITC 
The figure displays the histogram of earnings (by $500 bins) for tax filers with one dependent child (Panel 
A) and tax filers with two or more dependent children (Panel B). The histogram includes all years 1995-
2004 and inflates earnings to 2008 dollars using the IRS inflation parameters (so that the EITC kinks are 
aligned for all years). Earnings are defined as wages and salaries plus self-employment income (net of one-
half of the self-employed payroll tax). The EITC schedule is depicted in dashed line and the three kinks are 
depicted with vertical lines. Panel A is based on 57,692 observations (representing 116 million tax returns) 
and Panel B on 67,038 observations (representing 115 million returns). 

Fonte:Saez, E. (2010). Do taxpayers bunch at kink points?. American economic Journal: economic policy, 2(3),
180-212..
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Vantagem de ter informação fina sobre diferentes tipos de
rendimento I 4
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Figure 4. Earnings Density and the EITC: Wage Earners vs. Self-Employed 
The figure displays the kernel density of earnings for wage earners (those with no self-employment 
earnings) and for the self-employed (those with non zero self employment earnings). Panel A reports the 
density for tax filers with one dependent child and Panel B for tax filers with two or more dependent 
children. The charts include all years 1995-2004. The bandwidth is $400 in all kernel density estimations. 
The fraction self-employed in 16.1% and 20.5% in the population depicted on Panels A and B (in the data 
sample, the unweighted fraction self-employed is 32% and 40%). We display in dotted vertical lines around 
the first kink point the 3 bands used for the elasticity estimation with δ=$1,500. 

Fonte:Saez, E. (2010). Do taxpayers bunch at kink points?. American economic Journal: economic policy, 2(3),
180-212.. 9 / 17
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Vantagem de ter informação fina sobre diferentes tipos de
rendimento II

 34 Jou rnal of Economic Literature, Vol. L (March 2012)

 Figure 2. The Top 0.01 Percent U.S. Income Share, Composition, and Marginal Tax Rate, 1960-2006

 Source: Updated version of figure 8 in Saez (2004). Computations based on income tax return data.
 The figure displays the income share of the top .01 percent tax units, and how the top .01 percent incomes are
 divided into seven income components: wages and salaries (including exercised stock options), S-corporation profits,
 partnership profits, sole proprietorship profits, dividends, interest income, and other income. The figure also dis
 plays the average marginal tax rate (weighted by income) for the top 0.01 percent in a bold line on the right [/-axis.

 income also rose dramatically immediately
 after 1986, mostly because of the disappear
 ance of partnership losses. The sudden jump
 in S-corporation income, exactly at the time
 of the tax reform, strongly suggests that this
 was the consequence of a one-time shift of
 taxable income from the corporate sector,
 and the one-time closing of the partnership
 loss tax shelters (Slemrod 1996, Gordon and
 Slemrod 2000). The surge in business income
 reported on individual returns in the 1980s
 thus cannot be interpreted as a "supply-side"
 success, as most of those individual income
 gains came either at the expense of taxable
 corporate income, or were obtained from the
 closing of tax shelters by imposing stricter
 rules on losses from passive businesses.

 Third, figure 2 displays a dramatic shift in
 the composition of very top incomes away
 from dividends (which represented more than
 60 percent of top incomes in the early 1960s)
 toward wage income and S-corporation and
 partnership income. In the early 1960s, when
 the top 0.01 percent incomes were facing
 marginal tax rates of about 80 percent on
 average, tax rates on long-term capital gains
 were around 25 percent. Thus, dividends
 were a very disadvantaged form of income
 for the rich, suggesting that those top income
 earners had little control over the form of

 payment, and thus might have been in large
 part passive investors. The Kennedy tax cuts
 apparently did not reduce the top individual
 rate enough (the top rate became 70 percent)

This content downloaded from 94.62.15.236 on Mon, 29 Oct 2018 09:13:42 UTC
All use subject to https://about.jstor.org/terms

Fonte: Saez, E., Slemrod, J., and Giertz, S. H. (2012). The elasticity of taxable income with respect to marginal
tax rates: A critical review. Journal of economic literature, 50(1), 3-50.
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Vantagem de informação longitudinal + ligação de bases
de dados

The E↵ects of Exposure to Better Neighborhoods on Children:

New Evidence from the Moving to Opportunity Experiment⇤

Raj Chetty, Nathaniel Hendren, and Lawrence F. Katz
Harvard University and NBER

August 2015

Abstract

The Moving to Opportunity (MTO) experiment o↵ered randomly selected families living in high-
poverty housing projects housing vouchers to move to lower-poverty neighborhoods. We present
new evidence on the impacts of MTO on children’s long-term outcomes using administrative data
from tax returns. We find that moving to a lower-poverty neighborhood significantly improves
college attendance rates and earnings for children who were young (below age 13) when their
families moved. These children also live in better neighborhoods themselves as adults and are
less likely to become single parents. The treatment e↵ects are substantial: children whose
families take up an experimental voucher to move to a lower-poverty area when they are less
than 13 years old have an annual income that is $3,477 (31%) higher on average relative to
a mean of $11,270 in the control group in their mid-twenties. In contrast, the same moves
have, if anything, negative long-term impacts on children who are more than 13 years old when
their families move, perhaps because of the disruption e↵ects of moving to a very di↵erent
environment. The gains from moving fall with the age when children move, consistent with
recent evidence that the duration of exposure to a better environment during childhood is a key
determinant of an individual’s long-term outcomes. The findings imply that o↵ering vouchers
to move to lower-poverty neighborhoods to families with young children who are living in high-
poverty housing projects may reduce the intergenerational persistence of poverty and ultimately
generate positive returns for taxpayers.

⇤The opinions expressed in this paper are those of the authors alone and do not necessarily reflect the views of the
Internal Revenue Service or the U.S. Treasury Department. This work is a component of a larger project examining
the e↵ects of tax expenditures on the budget deficit and economic activity. All results based on tax data in this
paper are constructed using statistics originally reported in the SOI Working Paper “The Economic Impacts of Tax
Expenditures: Evidence from Spatial Variation across the U.S.,” approved under IRS contract TIRNO-12-P-00374
and presented at the O�ce of Tax Analysis on November 3, 2014. MTO participant data are highly confidential.
HUD allowed the authors special access to the experimental data under Data License DL14MA001, approved March
28, 2014. We thank Joshua Angrist, Je↵rey Kling, Je↵rey Liebman, Jens Ludwig, anonymous referees, and numerous
seminar participants for helpful comments and discussions. We are very grateful to Ray Yun Gou, Lisa Sanbonmatsu,
and Matt Sciandra for help with the Moving to Opportunity data. Sarah Abraham, Alex Bell, Augustin Bergeron,
Jamie Fogel, Nikolaus Hildebrand, Alex Olssen, and Benjamin Scuderi provided outstanding research assistance.
This research was funded by the National Science Foundation, NIA Grant R01 AG031259, the Lab for Economic
Applications and Policy at Harvard, and Laura and John Arnold Foundation.

Fonte: Chetty, R., Hendren, N., and Katz, L. F. (2016). The effects of exposure to better neighborhoods on
children: New evidence from the Moving to Opportunity experiment. American Economic Review, 106(4), 855-902.
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Vantagem de informação longitudinal
FIGURE 1

Impacts of Experimental Voucher by Age of Earnings Measurement

Notes: This figure presents intent-to-treat (ITT) estimates of the impact of being assigned to the experimental voucher group
on individual earnings, varying the age at which earnings is measured from 20 to 28. The estimate at each age is obtained
from an OLS regression (weighted to adjust for di�erences in sampling probabilities across sites and over time) of individual
earnings at that age on indicators for being assigned to the experimental voucher group and the section 8 voucher group as
well as randomization site indicators. We plot the coe�cient on the experimental voucher group indicator in this figure; the
corresponding estimates for the Section 8 voucher group are shown in Appendix Figure 1. The series in circles restricts the
sample to children below age 13 at random assignment; the series in triangles includes children between age 13 and 18 at
random assignment. The estimates in the two series are obtained from separate regressions. The estimates at age 26 exactly
match those reported in Column 5 of Table 3; the remaining estimates replicate that specification, varying the age at which
earnings is measured. The null hypothesis that the experimental impacts do not vary with the age of income measurement is
rejected with p < 0.01 for the below 13 series and p = 0.06 for the age 13-18 series. See notes to Table 3 for further details on
specifications and variable definitions.

Fonte: Chetty, R., Hendren, N., and Katz, L. F. (2016). The effects of exposure to better neighborhoods on
children: New evidence from the Moving to Opportunity experiment. American Economic Review, 106(4), 855-902.
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Outros itens nas declarações fiscais (para além do
rendimento)
Fack, G., and Landais, C. (2010). Are tax incentives for charitable giving efficient?
Evidence from France. American Economic Journal: Economic Policy, 2(2), 117-41.

aumento da dedução à coleta por filantropia de 50 para 66%
do montante doado em França
amostra de 500 000 sujeitos passivos com toda a informação
contida nas respetivas declarações fiscais
taxa de imposto endógena ao rendimento + filantropia bem
normal – enviesamento OLS positivo
identificação: famílias com o mesmo rendimento, tributáveis
vs não tributáveis devido a composição familiar
resultados: baixa elasticidade das doações; aumento das
doações menor do que a diminuição na receita fiscal
“actual French credit rate can only be justified if crowding out
between private and public contributions is large, or if private
funds are much more efficiently used than public funds.” 13 / 17
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Possibilidades de especificações empíricas mais ricas...

suponhamos uma reforma fiscal no ano t
podemos estimar log(zit) = e × log(1 − τit) + εit

usando o indicador pós-ano da reforma para instrumentar
log(1 − τit)
problema: o rendimento zit é correlacionado com o tempo...
solução: utilizar grupos que são afetados de forma diferente
pela reforma para melhorar a identificação; por exemplo:
utilizar o grupo com rendimentos imediatamente abaixo do
intervalo que teve uma diminuição da taxa marginal
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Ligar outras bases com dados fiscais
https://healthinequality.org/
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Ligar outras bases com dados fiscais
https://healthinequality.org/
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Ligar outras bases com dados fiscais
http://www.equality-of-opportunity.org/
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